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Abstract

Defect detection is of importance in different industries. This importance is
greater in wood industries because of direct relation between quality and price of
wood products. For several years, traditional methods have been used for defect
detection in which wood surfaces were analyzed manually by hand but this method
had problems such as its time consuming nature and possibility of human errors.
Nowadays automated methods have been developed based on computerized
detection and classification of defects in captured images. In automated methods, at
first image of lumber or wood is captured using a high quality camera. In the next
step the captured image is segmented to flawless and defective areas. Finally,
different features are extracted from defects and based on it the types and details of
defective areas can be determined. Variety of textures of the wood surfaces, wood
surfacescolors, non-uniformity and defects which are similar to the main texture of
wood are some of challenges in process of defect detection on wood surfaces. In
this article, several methods for segmentation and extraction of features from wood
surface are reviewed which have been developed to overcome these challenges.

Keywords: Wood Industries, Defect detection, Digital image processing,
Segmentation, Feature extraction
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